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			Preface

			This book is about giving you basic statistical knowledge to work with machine learning using complex algorithms to classify data, such as the K-means method. You will use an included add-in for Excel to practice the concepts of grouping statistics without the need for a deep programming background in the R language or Python. 

			The book covers three topics of machine learning:

			
					Data segmentation

					Linear regression

					Forecasts with time series

			

			Data segmentation has many practical applications because it allows applying different strategies depending on the segment data ranges. It has applications in marketing and inventory rotation to act accordingly to the location and season of the sales.

			The linear regression statistical concepts in this book will help you to explore whether the variables that we are using are useful to build a predictive model. 

			The time series model helps to do a forecast depending on the different seasons of the year. It has applications in inventory planning to allocate the correct quantities of products and avoid stalled cash flow in the warehouses. The time series depends on statistical tests to see whether the present values depend on the past, so they are useful to forecast the future.

			Who this book is for

			This book is for any professional that needs to analyze the data generated by the industry or academic scope using machine learning principles and algorithms. This book can help to better understand the different groups of data to apply a different approach to each one. Then, you can use the statistical tests of this book to see the most relevant variables that affect your performance using projections with linear regression. You will be able to link these variables with the time and season and use time series analysis to build a forecast that could help you to improve your planning in your professional scope. 

			What this book covers

			Chapter 1, Understanding Data Segmentation, looks at how classifying the data of similar values is an approach for planning a strategy depending on the characteristics of the range of values of the groups. This strategy is more important when you deal with a problem with several variables, for example, finding the different groups of revenues for each season of the year and the quantities delivered for logistics demand planning.

			Chapter 2, Applying Linear Regression, shows that the target of linear regression is to use related variables to predict the behavior of the values and build scenarios of what could happen in different situations, using the regression model as a framework for foreseeing the situations.

			Chapter 3, What is Time Series?, examines how a time series model could do a forecast of the data, taking into account the seasonal trends based on the past time values.

			Chapter 4, An Introduction to Data Grouping, delves into the importance of finding a different approach for each group. In complex multivariable problems, we need the assistance of machine learning algorithms such as K-means to find the optimal number of segments and the group's values range.

			Chapter 5, Finding the Optimal Number of Single Variable Groups, shows how running an add-in for Excel that uses the K-means algorithm can help to get the optimal number of groups for the data that we are researching. In this case, we will start with a problem of just one variable to explain the concepts.

			Chapter 6, Finding the Optimal Number of Multi-Variable Groups, demonstrates how to use the Excel add-in to do the grouping of problems of several variables, for example, the classification of quantity, revenue, and season of the inventory rotation.

			Chapter 7, Analyzing Outliers for Data Anomalies, delves into another approach to data segmentation: researching what happens with the values that have a long-distance separation of all the groups. These values are anomalies, such as very short value expenses happening at non-business hours that could indicate evidence of possible fraud attempts.

			Chapter 8, Finding the Relationship between Variables, shows how we have to do statistical tests of the relationship of the variables to check whether they are useful to design a predictive model before building a linear model.

			Chapter 9, Building, Training, and Validating a Linear Model, talks about what happens after the relationship of the variables is statistically tested as useful to build a predictive model; we will use a portion of the data (regularly 20%) to test the model and see whether it gives a good sense of results similar to the known data.

			Chapter 10, Building, Training, and Validating a Multiple Regression Model, discusses multiple regression, which involves three or more variables. We will see how to apply the statistical tests to see the most useful variables to build the predictive model. Then, we will test the regression with 20% of the data and see whether it makes sense to use the model to build new scenarios with unknown data.

			Chapter 11, Testing Data for Time Series Compliance, shows how the time series forecast relies on the relationship of the present values to the past values. We will apply statistical methods to find whether the data is useful for a forecast model.

			Chapter 12, Working with Time Series Using the Centered Moving Average and a Trending Component, explores the forecast model's dependence on two components: the centered moving average (which gives the seasonal ups and downs variations) and the linear regression (which gives the positive or negative orientation of the trend). Once we have these calculations, we will be able to test and use the model.

			Chapter 13, Training, Validating, and Running the Model, covers the statistical tests time series and then models with 80% of the data. Then, we will test the time series with the remaining 20% and see whether the model returns results that make sense depending on our experience. Finally, we will use the model to do forecasts.

			To get the most out of this book

			To better understand this book, you must have a basic knowledge of statistical concepts such as average and standard deviation. You must also be able to use statistical functions in Excel to mark the cells' ranges input for calculations.

			If you are using the digital version of this book, we advise you to type the code yourself or access the code from the book's GitHub repository (a link is available in the next section). Doing so will help you avoid any potential errors related to the copying and pasting of code.

			Download the example code files

			You can download the example code files for this book from GitHub at https://github.com/PacktPublishing/Data-Forecasting-and-Segmentation-Using-Microsoft-Excel. If there's an update to the code, it will be updated in the GitHub repository.

			We also have other code bundles from our rich catalog of books and videos available at https://github.com/PacktPublishing/. Check them out!

			Download the color images

			We also provide a PDF file that has color images of the screenshots and diagrams used in this book. You can download it here: https://static.packt-cdn.com/downloads/9781803247731_ColorImages.pdf.

			Conventions used

			There are a number of text conventions used throughout this book.

			Code in text: Indicates code words in text, database table names, folder names, filenames, file extensions, pathnames, dummy URLs, user input, and Twitter handles. Here is an example: "Mount the downloaded WebStorm-10*.dmg disk image file as another disk in your system."

			A block of code is set as follows:

			html, body, #map {

			 height: 100%; 

			 margin: 0;

			 padding: 0

			}

			When we wish to draw your attention to a particular part of a code block, the relevant lines or items are set in bold:

			[default]

			exten => s,1,Dial(Zap/1|30)

			exten => s,2,Voicemail(u100)

			exten => s,102,Voicemail(b100)

			exten => i,1,Voicemail(s0)

			Any command-line input or output is written as follows:

			$ mkdir css

			$ cd css

			Bold: Indicates a new term, an important word, or words that you see onscreen. For instance, words in menus or dialog boxes appear in bold. Here is an example: "Select System info from the Administration panel."

			Tips or Important Notes	

			Appear like this.

			Get in touch

			Feedback from our readers is always welcome.

			General feedback: If you have questions about any aspect of this book, email us at customercare@packtpub.com and mention the book title in the subject of your message.

			Errata: Although we have taken every care to ensure the accuracy of our content, mistakes do happen. If you have found a mistake in this book, we would be grateful if you would report this to us. Please visit www.packtpub.com/support/errata and fill in the form.

			Piracy: If you come across any illegal copies of our works in any form on the internet, we would be grateful if you would provide us with the location address or website name. Please contact us at copyright@packt.com with a link to the material.

			If you are interested in becoming an author: If there is a topic that you have expertise in and you are interested in either writing or contributing to a book, please visit authors.packtpub.com.

			Share Your Thoughts

			Once you've read Hands-On Financial Modeling with Microsoft Excel 365, we'd love to hear your thoughts! Please click here to go straight to the Amazon review page for this book and share your feedback.

			Your review is important to us and the tech community and will help us make sure we're delivering excellent quality content.

		

	


		
			Part 1 – An Introduction to Machine Learning Functions

			Learn the basic concepts of statistics and machine learning topics in this book, with practical applications in market segmentation, sales, and inventory.

			This part includes the following chapters:

			
					Chapter 1, Understanding Data Segmentation 

					Chapter 2 Applying Linear Regression 

					Chapter 3, What is Time Series?

			

		

	


		
			Chapter 1: Understanding Data Segmentation

			Machine learning has two types of algorithms depending on the level of adjustments that you require to give a response:

			
					Supervised

					Unsupervised

			

			Supervised algorithms need continuous improvement in the form of the data used to train them. For example, a supervised machine learning function of a linear model needs a starter group of data to train and generate the initial conditions. Then, we have to test the model and use it. We need continuous surveillance of the results to interpret whether they make sense or not. If the model fails, we probably need to train the model again.

			Unsupervised algorithms do not require any previous knowledge of the data. The unsupervised machine learning process takes data and starts analyzing it until it reaches a result. Contrary to supervised linear regression and time series, this data does not need a test to see whether it is useful to build a model. That is the case with the K-means algorithm, which takes unknown and untested data to classify the values of the variables and returns the classification segments. 

			In this book, we will cover three different topics of machine learning:

			
					Grouping statistics to find data segments

					Linear regression

					Time series

			

			For grouping statistics, we will use an add-on for Excel that will do the classification automatically for us. This add-on is included with the book, and we will learn how to use it throughout this book. For linear regression, we will use Excel formulas to find out whetherthe data can be used to make predictions with regression models and forecasts from the time series.

			We need a machine learning algorithm to classify and group data for the following reasons:

			
					A large amount of data is difficult to classify manually.

					Segmentation by observing a 2D or 3D chart is not accurate.

					Segmenting multiple variables is impossible because it is not possible to do a chart of multiple dimensions.

			

			Before we do group segmentation using K-means clustering, we need to find the optimal number of groups for our data. The reason for this is that we want compact groups with points close to the average value of the group. It is not a good practice to have scattered points that do not belong to any group and that could be outliers that do not perform like the rest of the data, as they could be anomalies that deserve further research.

			The K-means function will also help to get the optimal number of groups for our data. The best-case scenario is to have compact groups with points near their center.

			We will review the basic statistical concepts to work with data grouping. These concepts are as follows:

			
					Mean

					Standard deviation

			

			In the data grouping segment, the mean is the center, or centroid, of the group. The best case is that the values are compact and close to the segment's centroid.

			The level of separation of the values within a group from its centroid is measured by the standard deviation. The best case is to have compact groups with values close to the group's mean point with a low standard deviation for each group.

			When we have values and segments that are scattered with a large standard deviation, that means they are outliers. Outliers are data that behaves differently from the majority of other segments. It is a special kind of data because it requires further research. Outliers could indicate an anomaly that could grow and cause a problem in the future. Practical examples of outliers that require attention are as follows:

			
					Values that are different from the normal transaction amounts in sales and purchases. These could indicate a system test that could lead to a bigger issue in the future. 

					A timeline of suspicious system performance. This could indicate hacking attempts.

			

			In this chapter, we will cover the following topics:

			
					Segmenting data concepts

					Grouping data in segments of two and three variables

			

			Segmenting data concepts

			Before explaining data segments, we have to review basic statistical concepts such as mean and standard deviation. The reason is that each segment has a mean, or central, value, and each point is separated from the central point. The best case is that this separation of points from the mean point is as small as possible for each segment of data.

			For the group of data in Figure 1.1, we will explain the mean and the separation of each point from the center measured by the standard deviation:

			
				
					[image: Figure 1.1 – Average, standard deviation, and limits. The data on the left is represented in the chart ]
				

			

			Figure 1.1 – Average, standard deviation, and limits. The data on the left is represented in the chart

			The mean of the data on the left of the chart is 204. The group's centroid is represented by the middle line in Figure 1.1.

			The standard deviation for this data is 12.49. So, the data upper limit is 216.49 and the lower limit is 191.51.

			The standard deviation is the average separation of all the points from the centroid of the segment. It affects the grouping segments, as we want compact groups with a small separation between the group's data points. A small standard deviation means a smaller distance from the group's points to the centroid. The best case for the data segments is that these data points are as close as possible to the centroid. So, the standard deviation of the segment must be a small value.

			Now, we will explore four segments of a group of data. We will find out whether all the segments are optimal, and whether the points are close to their respective centroids.

			In Figure 1.2, the left column is sales revenue data. The right column is the data segments:

			 

			
				
					[image: Figure 1.2 – Segments, mean, and standard deviation ]
				

			

			Figure 1.2 – Segments, mean, and standard deviation

			We have four segments, and we will analyze the mean and the standard deviation to see whether the points have an optimal separation from the centroid. The separation is given by the standard deviation.

			Figure 1.3 is the chart for all the data points in Figure 1.2. We can identify four possible segments by simple visual analysis:
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			Figure 1.3 – Data segments

			We will analyze the centroid and the separation of the points for each segment in Figure 1.3. We can see that the group between 0 and 60 on the y axis is probably an outlier because the revenue is very low compared with the rest of the segments. The other groups appear to be compact around their respective centroid. We will confirm this in the charts of each segment.

			The mean for the first segment is 18.775. The standard deviation is 15.09. That means there is a lot of variation around the centroid. This segment is not very compact, as we can see in Figure 1.4. The data is scattered and not close to the centroid value of 18.775:

			
				
					[image: Figure 1.4 – Segment 1, mean and standard deviation ]
				

			

			Figure 1.4 – Segment 1, mean and standard deviation

			The centroid of this segment is 18.775. The separation of the points measured by the standard deviation is 15.06. The points fall in the range of 3 to 33. That means the separation is wide and the segment is not compact. An explanation for this type of segment is that the points are outliers. They are points that do not have normal behavior and deserve special analysis to research. When we have points that are outside the normal operation values, for example, transactions with smaller amounts than normal at places and times that do not correspond to the rest of the data, we have to do deeper research because they could be indicators of fraud. Or, maybe they are sales that occur only at specific times of the month or year.
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			Figure 1.5 – Segment 2, mean and standard deviation

			The second segment is more compact than the first one. The mean is 204 and there's a small standard deviation of 12.49. The upper limit is 216 and the lower limit is 192. This is an example of a good segmentation group. The distance from the data points to the centroid is small.

			Next is segment number three:
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			Figure 1.6 – Segment 3, mean and standard deviation

			The mean is 204, the upper limit is 216, and the lower limit is 192. By the standard deviation of the points, we also conclude that the segment is compact enough to give reliable information.

			The points are close to the centroid, so the behavior of the members of the group or segment is very similar.

			Segment number four is the smallest of all. It is shown in Figure 1.7:

			
				
					[image: Figure 1.7 – Segment 3, mean and standard deviation ]
				

			

			Figure 1.7 – Segment 3, mean and standard deviation

			The limits are 62 and 86 and the mean is 74. Figure 1.3 shows that segment four is the group with the second-lowest revenue after segment one. But segment one is scattered with a large standard deviation, so it is a not compact group, and the information is not reliable.

			After reviewing the four segments, we conclude that segment number one is the lowest revenue group. It also has the highest separation of points from its centroid. It is probably an outlier and represents the non-regular behavior of sales.

			In this section, we reviewed the basic statistical concepts and how they relate to segmentation. We learned that the best-case scenario is to have compact groups with a small standard deviation from the group's mean. It is important to follow up on the points that are outside the groups. These outliers (with very different behavior compared with the rest of the values) could be indicators of fraud. In the next section, we will apply these concepts to multi-variable analysis. We will have groups with two or more variables.

			Grouping data in segments of two and three variables

			Now, we are going to segment data with two variables. Several real-world problems need to group two or more variables to classify data where one variable influences the other. For example, we can use the month number and the sales revenue dataset to find out the time of the year with higher and lower sales. We will use online marketing and sales revenue. Figure 1.8 shows the four segments of the data and the relationship between online marketing investment and revenue. We can see that segments 1, 2, and 4 are relatively compact. The exception is segment 3 because it has a point that appears to be an outlier. This outlier will affect the average and the standard deviation of the segment:

			
				
					[image: Figure 1.8 – Grouping with two variables ]
				

			

			Figure 1.8 – Grouping with two variables

			Segment 4 appears to have the smallest standard deviation. This group looks compact. Segment 2 also appears to be compact and it has a high value of revenue.

			In Figure 1.9, we will find out the mean and the standard deviation of segment 2: 

			
				
					[image: Figure 1.9 – Segment two mean and standard deviation ]
				

			

			Figure 1.9 – Segment two mean and standard deviation

			As we are analyzing two variables, the centroid of the segment has two coordinates: the online marketing spend and the revenue.

			The mean has the following coordinates:

			
					Online marketing: 5.04 

					Revenue: 204.11 

			

			In Figure 1.9, the centroid is at these coordinates. 

			The standard deviation of online marketing is 1.53, and for revenue, it is 76.63.

			The limits of the revenue are the black lines. They are 160 and 280. So, segment two is not compact because the majority of points are between 160 and 210 with an outlier close to 280.

			When we analyze data with three variables, the mean and the standard deviation are represented by three coordinates. Figure 1.10 shows data with three variables and the segment that each of them belongs to:

			
				
					[image: Figure 1.10 – Segments with three variables ]
				

			

			Figure 1.10 – Segments with three variables

			The mean and standard deviation have three coordinates. For example, for segment three, these are the coordinates:

			
				
					[image: Figure 1.11 – Mean and standard deviation coordinates with three variables ]
				

			

			Figure 1.11 – Mean and standard deviation coordinates with three variables

			The standard deviation of revenue is large, 13.73. This means the points are widely scattered from the centroid, 15.8. This segment probably does not give accurate information because the points are not compact.

			Summary

			In this chapter, we learned why it's important to find the optimal number of groups before we conduct K-means clustering. Once we have the groups, we analyze whether they are compliant with the best-case scenario for segments having a small standard deviation. Research outliers to find out whether their behavior could lead to further investigation, such as fraud detection.

			We need a machine learning function such as K-means clustering to segment data because classifying by simple inspection using a 2D or 3D chart is not practical and is sometimes impossible. Segmentation with three or more variables is more complicated because it is not possible to plot them.

			K-means clustering helps us to find the optimal number of segments or groups for our data. The best case is to have segments that are as compact as possible.

			Each segment has a mean, or centroid, and its values are supposed to be as close as possible to the centroid. This means that the standard deviation of each segment must be as small as possible.
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